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Introduction 

 

In an increasingly digital age focused on online sales, customers frequently share 

their opinions on purchased products or services. These reviews are of significant 

interest to potential buyers, who often trust the advice of other users more than 

traditional advertising. 

 

However, reading all reviews to obtain a comprehensive picture is time-consuming, 

necessitating an effective summary of a large volume of opinions. This summary 

should highlight the strengths and weaknesses of the product, providing a valuable 

service to both users, for making informed decisions, and companies, for improving 

products, increasing customer satisfaction, and driving business growth. 

 

To achieve this goal, web scraping techniques are used to extract information from 

online sales sites, and advanced text processing techniques are employed to transform 

texts into analysable data, allowing for the understanding of the "sentiment" towards 

a certain product or service.  

 

With the advent of generative Artificial Intelligence (AI), such as ChatGPT, this 

process, which previously required specialized software and highly qualified 

personnel, can now be managed by users with less expertise, as demonstrated in this 

study. 

 

Study objective 

 

The objective of the study was to extract and analyze all reviews provided by buyers 

of a book sold on Amazon Italy (https://www.amazon.it/cimitero-Praga-Umberto-

Eco/dp/8845278646/) using a generative AI model to evaluate the opinions and 

provide a brief summary of the positive and negative reviews. 

 

 

 

 

 

 

 

 

 

 

 

 
 

Figure 1 – The main product page 

 

 

https://www.amazon.it/cimitero-Praga-Umberto-Eco/dp/8845278646/
https://www.amazon.it/cimitero-Praga-Umberto-Eco/dp/8845278646/


 

 

 

 

 

 

 

 

 

 

 

 

 
 

Figure 2 – The reviews page 

 

Methodology 

 

• Access to the product page on Amazon and extraction of relevant fields from 

the HTML source code: These fields populate the columns of a data table 

where each row corresponds to a review. 

 

- Reviewer's name  

- Rating (in "stars", from 1 to 5) 

- Review text  

 

This was accomplished through a Python program, with minimal corrections, 

by GPT-4o (thanks OpenAI!) by providing only the link to the page of interest. 

 

 

 

 

 

 

 

 
 

 

 

 

 

 

 

 

 

 

 

Figure 3 – Some lines of Python code for web scraping 

 



• Adding an additional column to the table containing the prompt that combines 

the question text with the review text: 

 
"L'opinione in questo testo è positiva, neutrale o negativa? 

Rispondi con uno di questi termini: 'Positiva', 'Neutra', 

'Negativa'. Questo è il testo da analizzare: " + <review text> 

 

Figure 4 – The input table to the LLM 

 

• Connection to OpenAI's Large Language Model (LLM), which uses AI for 

text understanding and generation. 

 

• Sending the table containing prompts to the OpenAI server. The LLM will 

process these prompts and provide responses based on the review text. 

 

• Validation of the results by comparing the ratings provided by reviewers and 

the sentiment detected by AI. As shown in Figure 5, there is a strong 

association between the respective values. 

 

 

 

 

 

 

 

 

 

 

 
 

Figure 5 – The cross table comparing ratings and sentiment 

  



• A new use of the LLM to create two short summaries: one by aggregating 

all reviews with a “positive” sentiment and the other by aggregating those with 

a “negative” sentiment. 

 

 
 

Figure 6 – The summary of "positive" and "negative" reviews 

 

• Assembling all the results into a single view to have a complete analysis 

overview. 
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"This is the general summary provided by Amazon, generated by AI from customer 

reviews: 

“Readers say the book is interesting for its historical setting, which is very relevant 

given the recurrence of the events. They also appreciate the author's engaging style 

and the quality of the product. Overall, they consider it a good purchase and 

recommend it. However, some find the narrative slow and inconclusive." 



Tools used 

 

LLM (specifically the GPT-3.5-turbo-instruct model) from OpenAI through 

API Key for authentication and authorization to use the model. 

 

Python version 3.6 for web scraping. 

 

KNIME Analytical Platform version 5.3 for the user interface and integration 

of various functionalities: 

 

- Authentication and access to OpenAI's LLM 

- Integration of a Python script for web scraping 

- Creation of prompts for querying the LLM 

- Visualization of results 
 

Figure 8 – Partial view of the KNIME workflow 

 

Conclusion 

 

This study presented a process for extracting and analysing textual data regarding 

product reviews on an online sales site.  

After the web scraping phase, sentiments were synthesized using generative AI, thus 

saving the long and laborious task of text processing and analysis, typically assigned 

to expert personnel.  

By utilizing a user interface, the various steps were arranged in a workflow through 

functional nodes, optimizing and automating the extraction and analysis process.  

This approach not only provides a useful service to customers but is also crucial for 

companies to improve their products and marketing strategies. 

 


